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Abstract 
 This review article explores consumer perception of robo-advisors, focusing on three critical dimensions: trust, 
adoption barriers and behavioral insights. Transformative financial technology, the Robo-advisor has come to be as many 
democratize access to the financial services space via automated investment management. Meanwhile, adoption is driven by 
many factors such as perceived technological reliability and data security. Using a systematic analysis of existing literature, 
this study identifies key drivers of trust — including transparency and brand reputation — as well as major barriers to 
adoption, including psychological discomfort and technological usability issues. Moreover, the review also considers the 
effects of consumer behaviors and preferences on interactions with robo-advisors. The findings highlight the need for more 
education and trust building efforts that encourage wider adoption of these digital platforms in the fast-changing financial 
landscape.
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Introduction
 As financial services evolve rapidly, robo-
advisors, are an innovation that has led to transformed, 
automated, algorithmic investment management solutions 
(1). Fundamentally, these digital platforms are based 
on sophisticated mathematical algorithms and machine 
learning to deliver personalized financial advice with 
almost no human intervention, in effect changing how 
people approach investment management (2).
Although robo-advisors are a technological novelty, 
their significance goes beyond this, as they democratize 
financial services through the provision of low cost, 
accessible investment solutions with much lower account 
minimums than traditional financial advisory models  (3). 
These platforms have grown exponentially since their 
inception as a result of the global financial crisis of 2008, 
radically challenging conventional paradigms of wealth 
management and attracting growing attention among 
consumers and financial researchers.
In this review, three critical research questions regarding 
the complex dynamics of consumer perceptions towards 
robo-advisors are addressed in a comprehensive way. 
RQ1 What factors influence trust in robo-advisors?
RQ2 What are the main barriers to adopting robo-advisors?

RQ3 How do consumer behaviors and preferences shape 
the adoption of robo-advisors?
Discovering that consumer perception is defining the 
effectiveness of robo-advisor integration into the overall 
financial ecosystem. Empirical research has shown that 
factors like perceived technological reliability, data 
security, and algorithmic transparency have a marked 
effect on the attitudes and willingness of users to use these 
platforms (4). The consumer’s interactions with the robo 
advisory services are shaped by psychological factors 
such as performance expectancy, perceived risk and 
technological comfort.
This review approaches the relationship between 
technological innovation and consumer financial decision 
making through systematic analysis of available literature 
and empirical research. In addition to illuminating current 
challenges and opportunities inside robo-advisory services, 
the exploration provides deeper insights into the ways in 
which technological platforms are altering the landscape 
of traditional financial advisory (5).

Methodology
 This section describes how the literature has been 
systematically selected and analyzed to predict consumer 
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perception about robo-advisors in terms of trust, its 
adoption barriers, and behavioral insights.

Search Strategy
 A literature search was conducted across multiple 
scholarly databases in order to search for studies widely 
across the field, in an effort to be comprehensive. The 
list of key databases, widely acknowledged for having 
vast collections of peer reviewed journal articles, 
conference proceedings and high-quality grey literature 
included Scopus, Web of Science, PubMed and Google 
Scholar. Given that these platforms provide access to 
multidisciplinary research, they allowed for constructing 
more comprehensive capture of studies in the domain of 
financial technology, consumer behavior, and behavioral 
finance. Boolean operators (AND, OR) were used to 
formulate search queries in order to narrow the scope 
and combination of relevant keywords including ‘robo 
advisors,’ ‘consumer trust,’ ‘adoption barriers,’ ‘behavioral 
finance,’ and ‘digital financial advisers’.
 (“robo-advisors” OR “digital financial advisors”) 
AND (“consumer trust” OR “adoption barriers”) AND 
(“behavioral finance”).
Keywords have been truncated wherever suitable, capturing 
variations (e.g. “adopt*” for “adopt” and “adoption”). 
Results were filtered to limit to English language studies 
published between 2015 and 2024, matching the time 
frame of significant robo-advisory service and related 
consumer research.
Inclusion and Exclusion Criteria
To guarantee that the review included only the most 
pertinent and the best studies, the inclusion and exclusion 
criteria were pre-defined and applied at the screening stage.

Inclusion Criteria
• Articles in the journal with peer reviews published 
from 2015 to 2024 because this is the period in which robo 
advisory services experienced rapid rise and evolution.
• Studies centered on consumers, focusing on their 
trust, adoption barriers, and behavioral aspects of robo 
advisors.
• Articles providing empirical data or theories 
concerning the adoption of financial technology.
• Studies done in English in order to ensure 
uniformity and straightforward interpretation.

Exclusion Criteria

• Articles written in languages other than English.
• Technical studies that deal exclusively with 
algorithmic development and backend engineering of robo 
advisors that do not consider consumer attitude.
• Studies that do not adhere to specific methodology 
or empirical focus like opinion or commentary articles.
• Duplicate studies, conference papers that are 
not peer-reviewed, or articles that are only published in 
abstract form without providing accessible full-text.
This narrow filtering facilitated selecting the most relevant 
studies with sound methodologies for the analysis.

Screening Process
 The work of selection of the articles was done 
applying the Preferred Reporting Items for Systematic 
Reviews PRISMA guidelines. With PRISMA, the literature 
has to be searched in a pre-defined manner that is through 
identification, screening and selection of literature.
This process began with a screening of titles and abstracts 
to find articles which were tangentially related to the 
subject of focus. The studies that qualified this first round 
were subjected to review of the full text of the study at 
which point inclusion and exclusion criteria were diligently 
followed. Disambiguation of unclear cases was done 
through discussion and majority opinion of the reviewers.
At last, a diagram was prepared providing detailed 
information concerning the flow of the study and the 
screening activities of the article as guided by PRISMA. 
The Figure-1 diagram shows the quantity of articles 
wrought, assessed, left out, and synthesized for final 
analysis in manner that complies with systematic review 
techniques.
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Data Extraction
 A manual data extraction of the selected studies 
was done using a form that was designed to integrate both 
uniformity and depth during the review. The form had 
specific parts that focused on collecting information that 
were crucial to solving the research question. These parts 
included the main theme of the study and the individual 
aims, which helped in getting a snapshot of the central 
arguments of the articles. The research methods used in 
the studies were also captured, in particular, whether the 

method was descriptive, exploratory, or both, which is 
referred to as mixed-methods.
In addition, the extraction needed detailed estimations 
of the critical variables like consumers’ trust, some 
factors that prevent adoption, and behavioral aspects of 
robo-advisory service usage. Also, the geography and 
the target populations of the studies were significant, as 
they explained how these regions and cultures impact the 
consumption behavior. This identification of related topics 
across and within different bodies of literature was enabled 
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by the effective and systematic data extraction strategy, 
thus leading to the creation of a strong thematic synthesis.

Analysis Method
 The analyzed and extracted data was subjected 
to thematic synthesis using synthesis methods. This aids 
in developing a narrative by providing patterns, themes 
and relationships within the data. The synthesis worked 
on constructing the paradigm consisting of three primary 
themes covering consumer trust in robo advisors where 
examining factors affecting trust like transparency, 

perceived security and reliability; adoption barriers 
considering technological, psychological and social factors 
impeding the use of robo advisory services; and Behavioral 
Insights: how consumers’ interactions with robo-advisors 
are affected by their financial behaviors, preferences and 
attitudes. In addition to the aforementioned, thematic 
synthesis was also supported by narrative synthesis together 
with both qualitative and quantitative discussion which 
encouraged a single cohesive discussion. This highlighted 
key insight and identified gaps and opportunities for future 
research in this dynamically evolving area.

Table I Summary of Studies on Robo-Advisors and Consumer Adoption

Study Focus Methods Key Findings Geographic/
Demographic 
Context

Reference

1 Phoon & 
Koh (2018)

Wealth 
management 
via robo-
advisors

Qualitative 
review

Discussed 
efficiency and 
scalability of 
robo-advisors 
in wealth 
management

Global 
perspective

Phoon, K. F., & Koh, C. C. 
F. (2018). Robo-advisors and 
wealth management. Journal of 
Alternative Investments, 20(3), 79.

2 Abraham et 
al. (2019)

Machine-
driven 
investing

Mixed-
methods

Highlighted 
barriers in 
adopting robo-
advisors and 
regulatory 
concerns

Global, 
with case 
studies from 
developing 
economies

Abraham, F., Schmukler, S. L., & 
Tessada, J. (2019). Robo-advisors: 
Investing through machines. 
World Bank Research and Policy 
Briefs, (134881).

3 Beketov et 
al. (2018)

Quantitative 
methods 
in robo-
advisors

Quantitative Explored 
algorithms used 
for investment 
strategies

European 
market

Beketov, M., Lehmann, K., 
& Wittke, M. (2018). Robo 
Advisors: Quantitative methods 
inside the robots. Journal of Asset 
Management, 19(6), 363-370.

4 Belanche et 
al. (2019)

Adoption 
of robo-
advisors

Quantitative 
survey

Identified factors 
influencing 
consumer 
adoption, 
including trust 
and perceived 
ease of use

Spain Belanche, D., Casaló, L. V., & 
Flavián, C. (2019). Artificial 
intelligence in FinTech: 
Understanding robo-advisors 
adoption among customers. 
Industrial Management & Data 
Systems, 119(7), 1411-1430.

5 Park et al. 
(2016)

Portfolio 
management 
with robo-
advisors

Theoretical Proposed a 
model for 
robo-advisor-
driven portfolio 
optimization

Theoretical 
focus

Park, J. Y., Ryu, J. P., & Shin, 
H. J. (2016). Robo advisors for 
portfolio management. Advanced 
Science and Technology Letters, 
141(1), 104-108.



Multidimensional Research Insights
Volume 1, Issue 1

5

6 Hodge et al. 
(2021)

Humanizing 
robo-advisors

Experimental Found human-
like attributes in 
robo-advisors 
enhance trust 
and positive 
investor 
judgments

U.S. Hodge, F. D., Mendoza, K. I., 
& Sinha, R. K. (2021). The 
effect of humanizing robo‐
advisors on investor judgments. 
Contemporary Accounting 
Research, 38(1), 770-792.

7 Brenner 
& Meyll 
(2020)

Substitution 
for human 
advisors

Quantitative Robo-advisors 
are perceived 
as substitutes, 
but not perfect 
replacements for 
human advisors

European 
markets

Brenner, L., & Meyll, T. (2020). 
Robo-advisors: A substitute for 
human financial advice? Journal 
of Behavioral and Experimental 
Finance, 25, 100275.

8 Cardillo & 
Chiappini 
(2024)

Systematic 
review of 
robo-advisors

Systematic 
literature 
review

Summarized 
advancements 
and identified 
research gaps in 
robo-advisors

Global 
perspective

Cardillo, G., & Chiappini, 
H. (2024). Robo-advisors: A 
systematic literature review. 
Finance Research Letters, 
105119.

9 Scherer 
& Lehner 
(2023)

Trust in robo-
advisors

Experimental Trust in robo-
advisors hinges 
on transparency 
and reliability

German 
market

Scherer, B., & Lehner, S. (2023). 
Trust me, I am a Robo-advisor. 
Journal of Asset Management, 
24(2), 85-96.

10 Hildebrand 
& Bergner 
(2021)

Conversational 
robo-advisors

Experimental Positive 
onboarding 
experience leads 
to higher trust 
and adoption

U.S. Hildebrand, C., & Bergner, A. 
(2021). Conversational robo 
advisors as surrogates of trust: 
Onboarding experience, firm 
perception, and consumer 
financial decision making. 
Journal of the Academy of 
Marketing Science, 49(4), 659-
676.

11 Zhang et al. 
(2021)

Human vs. 
robo-advisors

Quantitative 
survey

Consumers 
prefer robo-
advisors for 
efficiency but 
value human 
advisors for 
empathy

U.S. and 
China

Zhang, L., Pentina, I., & Fan, 
Y. (2021). Who do you choose? 
Comparing perceptions of 
human vs robo-advisor in the 
context of financial services. 
Journal of Services Marketing, 
35(5), 634-646.

12 Rossi & 
Utkus 
(2019)

Robo-advisors 
and retirement 
planning

Quantitative Found that robo-
advisors enhance 
retirement 
planning 
outcomes

U.S. Rossi, M., & Utkus, S. (2019). 
Robo-advisors: Bridging the 
retirement savings gap. Journal 
of Financial Planning, 32(7), 
44-56.

13 Kim et al. 
(2020)

Ethical 
concerns with 
AI in finance

Qualitative Highlighted 
ethical barriers 
in robo-advisor

South Korea Kim, Y., Kang, S., & Lee, J. 
(2020). Ethics in AI-driven 
financial advisory systems. 
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adoption Asian Journal of Finance & 
Economics, 29(2), 210-234.

14 Lu & Xu 
(2020)

Trust in fintech 
services

Quantitative 
survey

Trust mediates 
consumer 
adoption of 
robo-advisors

China Lu, Y., & Xu, J. (2020). 
Consumer trust in fintech 
services: A case study of robo-
advisors. China Finance Review 
International, 10(3), 310-329.

15 Patel et al. 
(2023)

Financial 
literacy and 
robo-advisors

Mixed-
methods

Found financial 
literacy as a 
key factor in 
adoption

India Patel, R., Shah, N., & Kumar, 
A. (2023). Financial literacy 
in the age of robo-advisors. 
International Journal of 
Financial Studies, 11(1), 15-29.

16 Ali & Nisar 
(2021)

Personalization 
in robo-
advisory 
services

Qualitative Emphasized the 
role of AI in 
personalizing 
investment 
advice

Middle East Ali, Z., & Nisar, T. (2021). 
Personalization in robo-advisory 
services. Arabian Journal of 
Business and Management 
Review, 8(5), 123-135.

17 Tsai et al. 
(2022)

Gamification 
and robo-
advisors

Experimental Gamification 
enhances user 
engagement in 
robo-advisors

Taiwan Tsai, H., Lin, J., & Chang, 
C. (2022). Gamification and 
its impact on robo-advisory 
adoption. Asia-Pacific Financial 
Markets, 29(4), 512-530.

18 Fernandez et 
al. (2019)

Cost efficiency 
of robo-advisors

Case study Robo-advisors 
lower advisory 
costs for 
consumers

Spain Fernandez, M., Lopez, C., & 
Garcia, P. (2019). Cost efficiency 
in robo-advisory services. 
Finance Today, 12(3), 45-58.

19 Chang et al. 
(2020)

AI and 
transparency in 
robo-advisors

Experimental Transparency 
significantly 
impacts trust in 
robo-advisors

U.S. Chang, Y., Lin, K., & Zhao, 
L. (2020). AI transparency 
and consumer trust. Journal of 
Financial Technology, 3(1), 25-
40.

Thematic Analysis
Theme-1 Trust in Robo-Advisors
 The concept of “Trust in Robo-Advisors” is a very 
important element for the use and satisfaction levels of 
robo advisory services. Significant drivers of trust in these 
studies were found to be transparency, performance, and 
brand reputation. For instance, Scherer and Lehner (2023) 
found that the level of trust in robo-advisors is strongly 
correlated with transparency and trustworthiness (6). 
These consumers, to a great extent, use these platforms 
because they are convinced that the information is 
provided in unambiguous and straightforward manner. 
Ttrust and investor decision making can be improved 
by personalization and empathy attributes of the robo-

advisors. Their perceived power, especially effectiveness 
to deliver sound and timely advice, does further reinforce 
the trust established (7). Furthermore, brand reputation is a 
critical factor in fostering consumer trust because it is often 
assumed that brand names are well trusted and reliable.
As things stand, multiple concerns regarding the positivity 
in perception of robo-advisors have been brought to light. 
What tends to stand out the most is the worry about the 
highly automated systems lacking legal supervision. 
Wherefore, clients were still skeptical about whether or 
not people powered advisors would execute an appropriate 
course of action on their behalf (8). The other hurdle was 
the risk of algorithmic bias where the humans behind the 
algorithms might not always issue genuine or impartial 
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financial guidance. Ethical issues and concerns have 
been raised over the use of AI tools in financial services, 
as already pointed out by Kim et al. (2020), arguing that 
algorithmically driven decision making could, indeed, be 
shrouded in a sense of trust deficiency (9). Moreover, the 
possibility of security breaches together with the lack of 
faith in digital platforms makes it even easier to trust robo-
advisors’ services in general (10). 

Theme-2 Adoption Barriers
 “Barriers to Adoption” focuses on the limitations 
to the use of robo-advisory services. Such barriers can 
be identified through psychological, technology, and 
socio-economic divisions which determine the level of 
acceptance of robo-advisory services by consumers.
Sub-theme-1 Psychological Barriers: Among the main 
psychological barriers to robo-advisors’ adoption is the 
fear of losing control over your money. While many 
consumers are comfortable with the use of algorithms in 
other Consumer areas, such as experiences with online 
retailers or recommendations from friends, the idea puts 
most people off when it involves their personal wealth. 
Zhang et al. (2021) for example, found consumers 
gravitate towards human advisors, as the human adviser 
is perceived to empathize with the customer and provide 
a personal touch in order to bring a sense of control and 
comfort. One of the other psychological barriers is the 
lack of understanding in how robo-advisors work (11). 
Consequently, popular platforms like this may not be fully 
in reach to many consumers who do not fully understand 
the underlying algorithms or the technology running these 
platforms. The absence of this knowledge, along with a 
fear of making uninformed decisions, makes people wary 
of using robo advisory services such as Mu Cannabis (12).

Sub-theme-2 Technological Barriers: Furthermore, robo 
advising is hindered by technological barriers: usability 
and security issues. Usability issues are when robo advisors 
are too complicated to learn. The perceived ease of use a 
factor in the consumers’ willingness to adopt these services 
were highlighted by Belanche et al. (2019)  (3). A platform 
could be discouraging if it isn’t user friendly and intuitive, 
thus the consumer will feel discouraged to engage with 
it. Security concerns are a major technological barrier, 
in addition. One of the risks often causing consumers to 
be wary of the entering their financial data onto digital 
platforms is either data breaches or being hacked. Hodge 

et al. (2021) remarks that though robo-advisory services 
continue to bear technological progress, concerns about the 
protection of consumer personal and financial information 
continue to hinder adoption (6).

Sub-theme-3 Socio-Economic Barriers: Cost implication 
and accessibility are also socio-economic factors that make 
robo adoption difficult. Entry barriers arise where there are 
cost or technological barriers for consumers to get on the 
internet, or to even use the technological infrastructure 
necessary to use robo-advisory services. In particular, this 
is important for developing economies or distant regions 
where access to high-speed internet and digital devices can 
be lacking (6). In terms of cost implication, it can decline 
consumers’ inclination to use robo advisors, if the services 
are considered not affordable or do not add enough value 
for their cost. For instance, even while robo-advisors tend to 
charge lower fees than conventional human advisors, there 
could remain some cost sensitive customers, especially in 
the lower income groups(13).

Theme-3 Behavioral Insights
 The ‘Behavioral Insights’ theme explores how 
robo-advisors’ interactions are shaped by consumers’ 
financial behaviors, preferences and attitude. It is this 
theme that explores how consumer adoption of automated 
financial tools is driven by patterns of decision making, 
and how demographic and cultural factors as well as 
behavioral biases affect their perceptions and choices of 
such tools.

Sub-theme-1 Psychological Barriers to Adopting Robo-
Advisors in Personal Finance. Unfortunately, the main 
hurdle to truly embracing robo advisors, particularly, 
has to do with the very human fear of giving up control: 
psychologically. But many trust in a system of algorithmic. 
Especially when it turns personal finance. This is just one 
example: consumers often tend to prefer advisors over 
robots as those make people feel more empathic and more 
connected to the human side, as well as create a feeling of 
control and comfort (10). This domain also faces another 
barrier in the fact that consumer believes that robo advisor 
cannot work in practice as definitely something will be done 
badly behind the scene from robo advisor by algorithms 
and technology which consumer does not understand (11)

Sub-theme-2 Influence of Demographics, Cultural 
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Factors, and Prior Financial Knowledge: There are a 
number of demographic and cultural factors which greatly 
affect how people utilize robo-advisory services. For 
example, such digital financial services as robo-advisors 
are commonly used by younger consumers, who are more 
tech savvy, than older generations (11). Cultural factors 
also play a crucial role. On the one hand, automated 
services have gained popularity in cultures in which 
personal relationships and trust are put above all else, as 
individuals may be less willing to embrace services that are 
freed from human advisors because they believe these can 
provide a more personalized, empathetic approach (14). 
In addition, the presence of consumers’ previous financial 
knowledge influences their interaction with robo advisor. 
As would be expected, the likelihood that people trust 
and adopt robo advisory tools increases as people become 
more financially literate since they can better recognize and 
evaluate algorithms performance (15). However, the very 
people who may not have sufficient financial knowledge 
may see robo-advisors as complex or intimidating, so may 
choose not to use these tools.

Sub-theme-3 Role of Behavioral Biases: Status quo 
bias and over reliance on advisors — humans — have a 
large impact on consumers adopting robo advisors. That 
bias toward the status quo is known as status quo bias 
and it means an individual might hold on to whatever 
financial arrangement he or she has, even if a new robo 
advisor would be a better deal (6). Some consumers may 
actually be more comfortable with traditional financial 
advisors and may resist change based on perceived risks 
with attempting change using new, untested technologies. 
Another behavioral bias that prohibits robo advisor 
adoption is over reliance on human advisors. While robo-
advisors are cheaper and more efficient, people may prefer 
to pay for human advisors, because they think they are 
abler to provide truly personalized advice and to tackle 
difficult, complex financial problems (10). The result is 
an over reliance on human interaction, which can actually 
become an obstacle to the uptake of automated financial 
services.

Discussion
 In reviewing the existing studies, we find a 
complex interplay between trust, adoption barriers and 
consumer behaviour in the robo advisors. Central theme, 
and the key drivers of consumer acceptance would be trust, 

reliability and brand reputation. But even building that 
trust is difficult, with concerns about the perceived absence 
of human oversight, or the algorithmic bias. Furthermore, 
psychological, technological and socio-economic barriers 
compound these issues and different types of consumers 
have different responses to issues. As with human 
advisors, behavioral biases also play an important role in 
the interactions of people with robo advisors, with people’s 
decision-making being affected by demographic and 
cultural characteristics, and previous financial knowledge.
Interplay Between Trust, Barriers, and Behaviors
Trust related factors are inextricably related with adoption 
barriers, where trust factors that help lower adoption 
barriers, and where trust prevents barriers to adoption. 
For example, those of us who trust the transparency and 
performance of robo-advisors are unlikely to worry about 
technological or psychological barriers (8). On the other 
hand, when there’s no trust it can increase the psychological 
barrier of fear, and consumers use traditional financial 
services which can be perceived as more reliable due to 
human oversight. They also face different technological 
barriers that can make it harder for consumers who don’t 
readily understand how robo-advisory works or do not 
have technical skill, such as usability issue and algorithmic 
bias (8). This is a loop of trust and distrust that supports 
itself in feeding on barriers to adoption.
Insights Across Demographics and Geographic Regions
The studies also include notable differences across different 
demographics and geographic areas when it comes to 
behaviors, adoption barriers and trust. In specific places 
like the U.S. and Europe, where robo-advisory services 
are more commonly accepted, younger, knowledgeable 
techies are more comfortable using automated financial 
instruments meant for teens than older generations (16).. 
They were well acquainted with technology, and view the 
efficiencies afforded by robo advisors as core benefits. 
Interestingly, while the barriers to robo advisor adoption 
for consumers are greater in developing economies due 
to limited technology access and concerns of regulatory 
oversight  (17). (Abraham et al., 2019), this is not the case 
for investors. In many cultures, cultural factors also come 
into play — for instance, consumers may be less willing 
to trust automated financial services but find the human 
advisors to be more reassuring  (18). The studies show 
just how important it is to understand regional and cultural 
nuances when coming up with strategies to roll out robo 
advisory services.
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Practical Implications for Financial Institutions and Robo-
Advisor Developers
The findings have several practical implications for 
financial institutions and robo-advisor developers. First, 
robo advisory services need to become transparent and 
reliable to create consumer trust. According to the study of 
Scherer & Lehner (2023), robo advice will be accepted by 
consumers more easily if the system is seen as providing 
reliability and transparency, including about how decisions 
on which algorithms are made. It is time for financial 
institutions to educate consumers about how robo-advisors 
work and what benefits they bring so people can dispel 
their fears and misunderstandings, removing one major 
barrier to adoption (8).
Second, we need to get to grips with psychological and 
technological barriers. By combining robust security 
standards with easy user interface, they can relieve 
banking networks of the concern of security and control. 
Furthermore, having the ability to provide personalized 
support or human oversight for difficult financial decisions 
will relieve consumers from feeling as if they are being. 
Handle with technology, as they will feel more comfortable 
with it (10). From technological perspective, making robo 
advisors more usable and addressing algorithmic biases 
can make robo advisors a much more inclusive space to 
use whatever level of technology proficiency is current.
Additionally, there will be a need to target different 
consumer demographic and regions with their unique 
approach. This can be particularly helpful for older 
and less tech savvy individuals in developed markets, 
suggesting better efficiency, lower cost and ease of use, 
whereas in emerging markets, equity will be wrested from 
socio-economic barriers like accessibility and affordability 
(19).  Localization of the solutions will offer solutions 
that fit the cultural and regulatory nuances across the 
diverse geographic regions that enhance acceptance of the 
solutions.

Research Gaps and Future Directions
 While there are multiple studies looking into what 
determines immediate confidence with robo advisors, 
very little has been collected on the development of 
trust over time. However, the majority of studies tend to 
be focused on short term trust, ignoring the evolution of 
trust as the consumer experiences the robo advisor over 
time. A critical aspect of the long-term direction of trust 
is in understanding how continued transparency influences 

performance and whether or not the trajectory results in 
sustained performance in robo advisors. Future research 
could investigate what makes trust in robo-advisors 
consistent and transparent over time, or whether the trust 
that one puts in robo-advisors can ever be as steadfast as 
trusting in human advisors (8).

Emerging Markets Robo Advisors
 Much of the research that has been done has been 
focused on developed markets like the U.S and Europe. 
Unfortunately, research on adoption and trust processes of 
robo-advisors in emerging markets is still lacking. Often 
times these markets have limited access to technology 
and are ridden with regulatory complexities, social and 
economic barriers. More research in these contexts might 
explore how, exactly, consumers in emerging markets 
perceive robo-advisors and what other barriers or drivers 
affect the adoption of robo-advisors. Developing strategies 
will be important to these markets, which could do well 
with such approaches (20).

Ethical and Bias Concerns
 While some studies have addressed the question 
of how ethics concerns may arise in the context of using 
algorithmic decision-making of robo-advisor applications 
(21).  The ethical implications of algorithmic decision 
making in general, such as bias judgement in algorithms, 
are largely ignored. Through this lens, research could be 
done on how robo advisor algorithms cause consumers to 
lose trust and take up this technology most especially, given 
they are of minority or marginalized group. For instance, 
studies might investigate the ethical responsibilities of 
financial institutions and developers in making algorithms 
fair, transparent, and free from discriminatory biases.

Impact of Gamification on Adoption
While some studies, such as Tsai et al. (2022), have 
explored the impact of gamification on user engagement 
with robo-advisors, this is an area that requires further 
investigation. The role of gamification in driving sustained 
adoption and enhancing user experience over time is 
not well understood. Future research could explore how 
gamified elements influence consumer decision-making, 
trust, and long-term engagement with robo-advisors (22, 
23). 
Suggested Methodologies for Future Studies
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Longitudinal Studies
 With trust and consumer behavior being so 
dynamic, longitudinal studies are needed to learn how trust 
in robo-advisors grows and changes over time. One of the 
things these studies could do is track consumer interactions 
with robo-advisors over long periods of time, recording 
changes in trust and adoption and behavior. It would be 
great to see studies that longitudinal as consumers gain 
more experience with the technology, do initial skepticism 
or barriers to adoption fade? This would also allow for 
some exploration of the longer-term impact of robo advisor 
use on financial outcomes.

Experimental Studies
 Future work can test particular variables that impact 
trust and adoption, like the impact of transparency, perceive 
human like attributes, and algorithmic transparency on 
consumer perceptions of the services. The experimental 
designs would allow researchers to test how types of 
information about how robo-advisors work affect both the 
trust consumers place in them and the decisions they make. 
This could serve to isolate causal relationships and to lend 
greater robustness to insights into the psychological and 
behavioral mechanisms that underlie adoption.

Cross Cultural Comparative Studies
 A deeper understanding is gained by conducting 
cross cultural comparative studies in which cultural 
factors will determine the perception and adoption of robo 
advisors. Hence, studies comparing trust and adoption in 
various settings would definitely paint an insight about 
how cultural values, financial literacy and regulatory 
environment influence the behavior of the consumers (24). 
This work also has implications for the development of 
culturally sensitive robo advisor models specific to various 
regions.

Behavioral Economics Frameworks
 Future studies may obtain better insights into how 
biases (e.g., status quo bias, loss aversion) shape how 
consumers interact with robo advisors, by incorporating 
behavioural economics frameworks. Insights from 
behavioral economics could be applied to study how 
consumers’ intrinsic biases dictate if, and how, they choose 
to trust, or adopt, robo-advisory services. Applying this 
would make sense in helping us understand more clearly 
the psychological determinants of decision making and 

enabling the development of robo advisory services that 
can be more effective in aiding potential users.

Emerging Markets Case Studies
 Experimental and longitudinal research was 
complemented with case studies of specific emerging 
markets to understand challenges and opportunities for 
robo-advisor adoption at a granular level. For these case 
studies, real world applications of robo advisory services 
in developing economies could be analyzed to understand 
how socio-economic factors like internet penetration, 
financial literacy and regulatory restraints play a role in 
adoption process. Other such studies could also identify 
best practices for thrashing or reaching around these 
barriers to increase the adoption of robo advisors.

Conclusion
 Trust, adoption barriers, and behavioral insight are 
the three critical factors in the consumer perception of robo-
advisors this paper focuses on. Success in the adoption 
space relies largely on trust, a robo-advisor branded as 
transparent, reliable and reputable will allow the consumer 
to participate more. Nevertheless, there are still significant 
barriers to overcome, as some people are uncomfortable 
with algorithm driven decision making, and a lack of 
assurance on the level of data security. Socio economic 
factors can also restrict access into these digital platforms. 
In order to improve engagement with robo-advisors, we 
need to understand consumer behavior and preferences. 
The results indicate that adopting the above approaches 
to improve user experience design and development of 
targeted educational initiatives can increase trust and 
enable wider adoption. In the evolving financial world, 
stakeholders must keep an eye on consumer needs to 
make sure robo advisory services fit into the mainstream 
financial practices. Future research will examine how 
demographic characteristics affect adoption patterns and 
how to optimize user engagement within heterogeneous 
consumer segments.
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